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Abstract 
This paper examines how signals and the herding factor originating from multiple sources 
complement or substitute for each other’s effects in the crowdfunding context. Drawing on the 
elaboration likelihood model, we propose that signals from campaigns (videos) and creators 
(experience) can mitigate information asymmetry concerns about project quality and creator 
credibility and that creator-originating signals offset the effect of campaign-originating signals on 
crowdfunding success. Further, we posit that online communication between creators and backers 
(backer comments and creator replies) complements or substitutes for the effects of signals 
originating from the campaign or creator. We collected and analyzed objective data on 9,884 
crowdfunding projects from a major reward-based crowdfunding platform in China and were able to 
confirm most of our hypotheses. 
Keywords: Crowdfunding, Elaboration Likelihood Model, Signaling, Online Communication 
Choon-Ling Sia was the accepting senior editor. This research article was submitted on January 6, 2017 and underwent 
four revisions.  
1 Introduction 
Crowdfunding refers to “an open call, essentially 
through the Internet, for the provision of financial 
resources either in form of donations or in exchange for 
some form of reward and/or voting rights in order to 
support initiatives for specific purposes” 
(Schwienbacher & Larralde, 2010). As a novel source of 
capital for entrepreneurs, crowdfunding emerged from 
the concepts of microfinance (Morduch, 1999) and 
crowdsourcing (Afuah & Tucci, 2012). Entrepreneurs 
(called creators) post projects on a crowdfunding 
platform (e.g., Kickstarter, Indiegogo, ToGather.Asia, 
Spot.Us, and Donors Choose) and solicit small 
contributions from individual investors (called backers). 
Since crowdfunding permits low-cost, centralized 
advertising for project ideas, secure and trustworthy 
contributions to those projects, and simultaneous 
solicitation by many projects, it has grown rapidly in 
recent years. The estimated fundraising volume of the 
global crowdfunding industry in 2015 reached more 
than $34 billion and was on track to surpass traditional 
venture capital in 2016 (Massolution. 2015). The global 
crowdfunding market is anticipated to grow by 26.87% 
per year from 2016 to 2020 (Research_and_Markets 
2016). 
As an open market, crowdfunding allows almost any 
individual or institution that can pass the platform’s 
screening to initiate a project. The low entry barrier 
makes it difficult for backers to discern which projects 
are of high quality. This challenge is particularly 
difficult to overcome because, in contrast to traditional 
investors (e.g., banks, venture capitalists, or angel 
investors) who have substantial resources and 
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capabilities for studying and assessing potential 
investment opportunities, most crowdfunding backers 
are unable to accurately evaluate the potential benefits 
and risks of competing crowdfunding projects (Ahlers et 
al., 2015; Bayus, 2013). Thus, crowdfunding backers 
often face the risk of ignoring “peach” projects and 
investing in “lemon” projects (Akerlof, 1970). One 
possible way to reduce this information asymmetry is 
for creators to disclose credible information so that 
backers can use it to evaluate the potential of 
crowdfunding campaigns (Ahlers et al., 2015; Kunz et 
al. 2017a). There are three essential ways to disclose 
information on crowdfunding platforms: signaling 
project quality, signaling creator credibility, and 
disseminating information through online communication. 
This study examines how campaign signals, creator 
signals, and online backer-creator communication (OBCC) 
work together to persuade potential backers and thereby 
promote crowdfunding success. 
To remove information asymmetry, creators can 
demonstrate preparedness and share experiences that 
may signal their credibility and the quality of their 
project. An existing stream of research employing 
signaling theory (Spence 1973; Spence 2002) has 
analyzed how attributes of campaigns and their creators 
serve as signals to influence potential backers’ 
investment decisions and achieve crowdfunding success 
(Beier & Wagner, 2015; Burtch et al., 2013; Burtch et 
al., 2014; Kunz et al., 2017a; Lukkarinen et al., 2016; 
Mollick, 2014; Wang et al., 2018; Yuan et al., 2016; 
Zheng et al., 2014). For example, Mollick (2014) shows 
that producing a video is a clear signal of preparedness 
associated with greater crowdfunding success. Yang and 
Hahn (2015) find that both creators’ direct and indirect 
experiences can be treated as signals of learning that 
have positive effects on crowdfunding success.  
Online communication also can help alleviate 
information asymmetry between creators and potential 
backers. Such communication occurs when backers post 
comments and creators post replies. Comments from 
backers can signal interest of the crowd, and potential 
backers may choose to follow the crowd to save time and 
avoid risks. For example, research has shown that more 
comments in the form of online reviews by early 
consumers may lead to online herding purchases (Shen et 
al. 2016). Prior studies (Wang et al. 2018) have also shown 
that online communication using computer-mediated 
communication (CMC) tools can enhance backers’ 
perceived interactivity with the creator, overcome 
communication barriers, improve communication quality, 
and facilitate mutual understanding.  
Past crowdfunding research on the challenges of 
information asymmetry has typically examined the 
direct impacts of specific signaling factors or online 
backer-creator communication in mitigating 
information asymmetry in isolation. However, multiple 
signals and online backer-creator communication often 
operate simultaneously and their effects are inevitably 
intertwined. For example, the potential of a 
crowdfunding project can be indicated through creator 
characteristics (e.g., crowdfunding experience), 
campaign quality (e.g., use of video), and online backer-
creator communication. Therefore, it is important to 
understand whether information from multiple sources 
interacts to enhance or diminish each source’s influence 
on crowdfunding success and if so how.  
Management scholars have called for more research to 
understand how different signals might have joint 
effects in decreasing information asymmetry (Connelly 
et al., 2011). We echo this call and examine the signal-
signal interaction and signal-OBCC interaction in the 
crowdfunding context. Specifically, we view the 
process through which creators elicit pledges from 
backers as a persuasion process and employ the 
elaboration likelihood model (ELM) (Petty & Cacioppo, 
1986) of persuasion from social psychology to 
understand how potential backers can be persuaded to 
support specific campaigns through the use of signals in 
both the central route (videos) and the peripheral route 
(the creator’s past experience). Following computer-
mediated communication (CMC) research, we also 
consider online backer-creator communication as a 
means of complementing or substituting for the effects 
of campaign- and creator-originating signals on 
crowdfunding success. We break down online backer-
creator communication into backer comments and 
creator replies and propose that they differentially 
interact with project and creator signals to influence 
crowdfunding success. We collected and analyzed 
objective data on 9,884 projects from a major reward-
based crowdfunding platform in China and found 
support for most of our hypotheses. 
2 Theoretical Framework 
2.1 Information Asymmetry in 
Crowdfunding 
Based on the exchange relationship between creators and 
investors, crowdfunding can be reward based, donation 
based, lending based, or equity based (Mollick, 2014). 
Equity- and lending-based models rely on traditional 
investment mechanisms and supporters expect to receive 
financial returns. The lending-based model links creators 
and supporters in a debtor-lender relationship, and the 
equity-based model (similar to traditional venture capital) 
creates an entrepreneur-investor relationship. In the 
donation-based model, creators are social entrepreneurs, 
whereas supporters serve as philanthropists. In the 
reward-based model, entrepreneurs are characterized as 
“creators” or “project founders,” and project supporters 
represent early customers or co-creators rather than 
investors. We focus on reward-based crowdfunding in 
this paper because it is the most prominent and fastest-
growing online model for crowdfunding (Mollick, 2014).  
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Crowdfunding represents a new way of financing 
creative ideas. Because of the nature of creative ideas, 
information asymmetry and uncertainty are prevalent 
when ideas transition from prototype to mass production 
(Belleflamme et al., 2014). Information asymmetry 
concerns are critical when one party lacks information 
about the quality of another party or when one party is 
concerned about another party’s behavioral tendencies 
(Stiglitz, 2000). Information asymmetry is a prominent 
concern for crowdfunding. While the creator of a 
crowdfunding project may be well-informed about the 
underlying quality of a project, backers may know very 
little about the creator’s credibility and actual ability to 
produce and deliver a product or service as promised 
(Ahlers et al., 2015; Mollick, 2014). Both technical 
feasibility and market viability may ultimately 
determine the quality of the project’s product or service. 
Thus, product quality is largely unobservable until the 
backer receives and experiences the product or service. 
Nonetheless, quality and other product attributes can be 
reflected through the physical attributes of the product, 
product functionality, and the development stage of the 
project. The creator’s credibility is based on the trust that 
potential backers place in the creator’s ability to produce 
and deliver a product or service as promised. Overall, 
the quality of a crowdfunding project is related to the 
functional aspects of the product or the service and the 
credibility of the creator. 
Information asymmetry in the crowdfunding market 
introduces great challenges for both backers and 
creators. On the one hand, incompetent backers cannot 
accurately evaluate the potential economic benefits and 
risks of competing crowdfunding projects (Ahlers et al., 
2015; Bayus, 2013) and risk selecting a lemon over a 
peach (Akerlof, 1970). On the other hand, creators face 
the challenge of transmitting credible information about 
the potential of their projects to potential backers. 
Therefore, finding effective ways to decrease 
information asymmetry between creators and backers in 
the crowdfunding market is essential and necessary to 
achieve campaign success, particularly for creators. 
2.2 Information in Crowdfunding 
To alleviate information asymmetry, potential backers 
with bounded rationality seek credible information to 
make pledge decisions. A variety of information is 
generated in the crowdfunding lifecycle. Generally, the 
crowdfunding lifecycle consists of three sequential 
stages: initiation, solicitation, and postfunding, as 
shown in Figure 1. 
 
1  Reward-based crowdfunding operates in two different 
models: Keep-it-All (KIA) and All-or-Nothing (AON) 
(Cumming et al. 2014). For KIA, the creator sets a 
fundraising goal and keeps the entire amount raised 
regardless of whether the pledge meets the goal. In contrast, 
During the initiation stage, campaign and creator 
information is generated as creators prepare their 
crowdfunding projects. Many campaign parameters, 
including title, project content, pledge goal, duration, 
and rewards for backers, are determined at this point. 
Once the parameters are set, they can be revealed to the 
potential backers along with information about the  
creator. In the initiation stage, we address two types of 
information as signals capable of attracting potential 
backers to pledge. The first signal is whether the 
crowdfunding project uses videos to communicate the 
product’s attributes and its development stage. As 
Mollick (2014) argues, producing a video is a clear 
signal of preparation and the inclusion of a video is an 
indicator of high quality. The second signal is the 
creator’s past success experience. On crowdfunding 
platforms, creators develop the necessary knowledge 
and skills over time when they successfully create their 
own projects or back others’ projects (Yang and Hahn 
2015) and this experience can signal creator credibility. 
In the solicitation stage, creators generate online 
communication information and potential backers 
process information about the crowdfunding projects 
and their creators before making investment decisions. 
One reasonable way for backers to obtain further 
information about crowdfunding projects and their 
creators is to use CMC tools to communicate with the 
creators (Kunz et al., 2017a; Mollick, 2014; 
Parhankangas & Renko, 2017). Most crowdfunding 
platforms, such as Kickstarter and Indiegogo, provide 
two CMC capabilities for enabling effective 
communication between backers and creators: the 
comment and update sections. In the comment section, 
backers can ask questions, seek clarification, express 
complaints, or write messages to encourage the creator, 
and the creator can answer questions, post explanations, 
and express appreciation. In the update section, creators 
can post project updates that inform backers about a 
campaign’s status. CMC tools enable interactivity by 
sending multiple verbal and nonverbal communication 
cues, which not only increase communication quality 
but also create a heightened sense of interpersonal 
connectedness (Wang et al., 2018). 
Finally, in the postfunding stage, the creator uses the 
pledge to implement the crowdfunding project and 
rewards backers with a product, a service, or gratitude.1 
Although much information is generated in the 
postfunding stage, we do not consider it in this paper 
because there is no retroactive influence on backers’ 
decisions. 
for AON the creator sets a fundraising goal and keeps 
nothing unless the goal is achieved. When a crowdfunding 
project attracts enough pledges to reach or exceed its goal in 
either AON or KIA, it achieves fundraising success and 
enters the post-funding stage. 




Figure 1. Signals in the Crowdfunding Lifecycle 
2.3 The Elaboration Likelihood Model 
Social psychology and persuasion research offers some 
insights regarding the way in which potential backers 
evaluate whether a crowdfunding project is worth 
supporting. Persuasion involves attitude formation and 
change in a recipient (e.g., a backer) as a result of 
exposure to information associated with an appeal (e.g., 
a well-prepared crowdfunding project and an 
experienced creator). We view the development of 
backers’ pledging decisions on a crowdfunding 
campaign as a persuasion process in which creators 
convince potential backers of their projects’ merits. To 
explain this process, we adopt the elaboration likelihood 
model (Petty and Cacioppo 1986), which is one of the 
dominant persuasion theories in the literature (Chaiken 
& Eagly, 1989; Petty et al., 1983). 
The ELM aims to explain the differences in 
informational influence across recipients and contexts, 
and  proposes that different recipients will have different 
cognitive elaboration regarding a specific message in 
different contexts. These differences in elaboration 
likelihood then influence the results of a persuasive 
attempt. Elaboration involves attending to the content of 
the message, scrutinizing and assessing its argument 
quality, and reflecting on issues relevant to the message 
(Petty and Cacioppo 1986). Because the process of 
elaboration involves cognitive efforts, recipients will not 
elaborate on each received message, and some 
recipients elaborate on more messages than others. 
The ELM assumes two distinct routes for information 
processing: a central route and a peripheral route. 
These two routes operate in different circumstances 
and have different consequences on persuasion (Petty, 
2013). The ELM holds that there are numerous specific 
processes of change ranging from low to high on the 
“elaboration continuum.” When processes at the low 
end of the continuum determine attitudes, persuasion 
follows the peripheral route. When processes at the 
high end of the continuum determine attitudes, 
persuasion follows the central route. Which route an 
individual uses largely depends on two factors: 
motivation (the desire to process information) and 
ability (the capability for critical evaluation) (Petty & 
Cacioppo, 1986). The extent of motivation is affected 
by attitude and personal relevance. Individuals’ ability 
to elaborate is affected by distractions, their cognitive 
busyness, and their overall knowledge. In addition, the 
characteristics of the message itself influence route 
selection by the recipient because the message’s 
information complexity determines the recipient’s 
cognitive efforts. 
It is important to note that scenarios in which only one 
of the routes holds sway are extremely rare. In most 
cases, recipients simultaneously follow a combination 
of both routes. This has two important ramifications. 
First, it suggests that recipients can be influenced by 
both the central argument of the message (e.g., 
argument quality) and peripheral cues of the message 
(e.g., source credibility). When the central route plays 
a prominent role (recipients are able or motivated to 
process the message), recipients mostly rely on 
processing the message content. When the peripheral 
route is dominant (recipients are unable or demotivated 
to process the message), recipients mostly rely on 
processing the peripheral attributes of the message 
instead of the message itself.  
Despite the route difference, persuasion outcomes 
resulting from the two routes are often 
indistinguishable (Bhattacherjee & Samford, 2006). 
That is, the same outcome can be achieved regardless 
of the route used for information processing. Second, 
the central route and the peripheral route may interact 
with each other to influence attitude change (Petty & 
Cacioppo, 1986). While the ELM literature has not 
explained fully how the two routes interact, it implies 
that there is a substitutive effect between them. That is, 
the two routes are competing processes and the effect 
of one route can be overshadowed by the other, in some 
cases causing people to be persuaded by messages 
from authoritative sources regardless of the message’s 
substantive content.  
The ELM can be used to explain backer investment 
decision-making as a dual process of persuasion. First, 
if they are interested in pledging, potential backers 
want to understand the quality of the project. Project 
quality information is most vividly described in 
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campaign videos and in project narratives. This 
information is processed through the central route, and 
we identify such campaign-originating signaling as a 
critical determinant of the pledge decision. 
Furthermore, potential backers also want to understand 
the creator’s skill level and experience in the project’s 
area, through which they can infer project quality. In 
the crowdfunding context, creator credibility can be a 
peripheral cue. Peripheral cues are informational 
factors beyond the content itself that recipients use to 
assess content (Petty & Cacioppo, 1986). Past studies 
suggest that source credibility is a salient peripheral 
cue that influences persuasion outcomes. Therefore, 
we study creator credibility (e.g., past successful 
experience) as a peripheral factor to understand its 
critical role in the investment decisions of potential 
backers. 
2.4 CMC Tools on the Crowdfunding 
Platform 
Backers can decrease information asymmetry via 
computer-mediated communication (CMC) with the 
creator on the crowdfunding platform (Kunz et al., 
2017b; Mollick, 2014; Parhankangas & Renko, 2017). 
Most crowdfunding platforms, such as Kickstarter and 
Indiegogo, provide two CMC functions for enabling 
effective backer-backer and backer-creator 
communications: comment and update. In the 
comment section, backers can communicate with each 
other to share opinions and experiences and can 
communicate with creators to ask questions, seek 
clarification, file complaints, or encourage the creator. 
Meanwhile, the creator can use this section to answer 
questions, post explanations, and express appreciation. 
In the update section, creators can post project updates, 
to inform backers about the campaign’s status. 
Based on the direction of information flow, 
communication can be one-way or two-way (Duncan 
& Moriarty, 1998). One-way communication occurs 
from sender to receiver without feedback. Videos, TV, 
and newspapers can be seen as one-way 
communication. Two concurrent processes happen in 
two-way communication. The sender transmits a 
message to the receiver, and the receiver sends back a 
response to the sender. Two-way communication 
occurs, for example, via telephone, computer 
networks, and video chat. For crowdfunding, one-way 
communication happens in the update section where 
creators can post project progress but backers cannot 
offer feedback. Two-way communication happens in 
the comment section where potential backers can post 
comments and the creator can reply to these comments, 
forming a complete communication cycle. Replies can 
provide more accurate information and eliminate 
misunderstanding, thus influencing backers’ 
investment decisions and crowdfunding success. Since 
one-way communication in crowdfunding (e.g., update 
section) has already been investigated (Wang et al., 
2018), we focus on the two-way communication of the 
comment section and how it affects crowdfunding 
success, and also examine how its interaction with 
signals originating from the campaign and creator 
influence crowdfunding success. 
3 Research Hypotheses 
To mitigate information asymmetry in the 
crowdfunding market, we posit that potential backers 
rely on both campaign-originating and creator-
originating signals to judge project quality and creator 
credibility before they decide to support specific 
campaigns. We select videos on a project as a 
campaign-originating signal in the central route 
because they convey information about the 
crowdfunding project’s quality. We select creator 
experience as a creator-originating signal in the 
peripheral route because it represents the creator’s 
credibility. Drawing on the ELM, we propose that 
creator-originating signals offset the effect of  
campaign-originating signals on crowdfunding 
success. Furthermore, we consider online backer-
creator communication because there is consensus that 
high-quality two-way communication is critical to 
transaction success in the online marketplace (Liu & 
Arnett, 2000). We posit that online backer-creator 
communication (backer comments and creator replies) 
complements or substitutes for the effects of 
campaign-originating and creator-originating signals. 
We elaborate on the underlying logic and hypotheses 
in detail as follows. 
3.1 Campaign-Originating Signal 
Project attributes play an important role in helping 
potential backers mitigate information asymmetry in 
crowdfunding. We focus on a specific project attribute: 
videos in the project description on the crowdfunding 
platform as a campaign-originating signal. 
Specifically, we use the number of videos as a 
surrogate to infer the likelihood that backers watch the 
videos. Prior research suggests that having videos is a 
signal of preparedness since, compared to other forms 
of project description like texts, tables, and figures, 
videos are difficult to make and may thus indicate that 
the creator has spent more time and effort in project 
preparation (Chen et al., 2009). In this paper, we argue 
that videos signal much more than the creator’s 
preparedness. The important role of videos is to 
provide rich information that facilitates effective 
communication (Simon & Peppas, 2004). A video can 
introduce the creator and project effectively, tell the 
story behind the crowdfunding project in an intriguing 
way, and vividly present the creator’s thoughts and 
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actions. Kickstarter suggests that videos are good 
predictors of crowdfunding success and that projects 
with videos succeed at a much higher rate than those 
without videos (O’Connell, 2014). Empirical studies 
have confirmed that the use of videos is associated with 
crowdfunding success (Beier & Wagner, 2015; 
Frydrych et al., 2014; Mollick, 2014). Videos can help 
potential backers connect with the project not only on 
a cognitive basis but also on an emotional basis (Liu et 
al., 2009). Videos may elicit trust from potential 
backers by showing both the creators’ competence and 
benevolence through a vivid, artistic demonstration of 
the project and the creators using motion pictures 
(Rockmann & Northcraft, 2008).  
More importantly, based on the biased competition 
theory of attention (Desimone & Duncan, 1995), we 
argue that signals can be selectively enhanced in the 
crowdfunding context. Specifically, human brains can 
only process a limited number of signals, and attention 
will be paid to the stronger signal among a set of 
competing signals (Desimone & Duncan, 1995). While 
the presence of videos represents signal existence, the 
number of videos indicates signal strength (Connelly 
et al., 2011). More videos send a stronger signal to 
backers. If a crowdfunding project description includes 
only one video, the signal may be too weak to draw 
backers’ attention. The video may be easily 
overlooked, and no further information will be 
cognitively processed. However, many videos will 
attract the attention of potential backers, leading to 
subsequent action and cognitive processing. Backers 
will become curious and be tempted to watch the 
videos. Hence, we anticipate that the more videos 
posted for a project, the more likely potential backers 
are to watch them and process the project-related 
information presented in the videos. During the course 
of watching, backers are exposed to audio and visual 
stimuli and have to effortfully process this information, 
suggesting that they adopt the central route in 
evaluating the crowdfunding project.2 With the help of 
rich project information from videos, backers can 
better understand the project’s quality and can develop 
a deeper trust in the creators. As a result, they are more 
likely to be persuaded to support the crowdfunding 
project. Therefore, we hypothesize: 
H1: Crowdfunding projects with more videos are more 
likely to succeed. 
 
2 We argue that it is rare for individuals to count how many 
videos there are but not to play them. If they only care about 
whether there are videos, they would not count the videos. A 
yes/no binary variable of having videos would be processed 
as a peripheral cue, and the presence/absence of videos is 
sufficient to give backers a quick cue about the creator’s 
efforts. However, the number of videos can be used to infer 
the probability that backers watch a video. When many video 
3.2 Creator-Originating Signal 
Like other social networking websites, crowdfunding 
platforms allow each user to have a profile page. The 
user’s past crowdfunding activities, including the 
number of projects initiated, can be found on the 
profile page. When backers are interested in a project, 
they typically check the creator’s profile and may use 
the creator’s past experience with project creation on 
the platform to infer creator credibility.  
The importance of creators’ past fundraising experience 
is suggested by the venture capital literature. Many 
studies have found that experienced entrepreneurs attract 
more venture capital than novice entrepreneurs (Eggers & 
Song, 2015; Thorgren & Wincent, 2015; Zhang, 2011). 
Building a new firm requires entrepreneurs to master a 
variety of skills, such as developing a business plan, 
obtaining funds, working with stakeholders, and 
marketing. Many of these skills are subtle, tacit, and 
difficult to learn in the classroom. An effective way of 
acquiring these skills is through “learning by doing” 
during the process of setting up a firm (Lazear, 2004; 
Zhang, 2011). Therefore, experienced entrepreneurs are 
expected to possess a more complete set of skills and to 
perform better than novices. Furthermore, past 
entrepreneurship experience allows a person to work with 
a wide range of stakeholders, including venture 
capitalists, professionals, suppliers, and customers. 
Connections with these people increase social capital. 
Some of these connections, even if they are only weak or 
indirect ties, may become useful in the future when the 
entrepreneur starts another business (Shane & Cable, 
2002; Tyebjee & Bruno, 1984; Uzzi, 1999). With more 
social capital, experienced entrepreneurs have a 
competitive advantage over novices in the process of 
resource acquisition. In the crowdfunding context, 
potential backers follow the same logic to evaluate 
creators based on their past creator experience (Wessel et 
al., 2015; Yang & Hahn, 2015). However, creator quality 
is not a direct measure of project quality, given that an 
experienced creator could start a mediocre project or vice 
versa. The inference of project quality from creator 
experience is processed in the peripheral route. This 
peripheral cue helps backers more comprehensively 
evaluate a project. Therefore, crowdfunding projects by 
experienced creators are more likely to gain backers’ 
support and succeed; we thus hypothesize that 
H2: Crowdfunding projects initiated by more 
experienced creators are more likely to succeed. 
links are available right in front of them, the chances that the 
backers watch one will increase. Once the backers start 
watching the video, effortful cognitive processing of the 
project information naturally will take place. Therefore, we 
contend that it is justifiable to use the number of videos as a 
surrogate for information processing in the central route.  
Journal of the Association for Information Systems 
 
779 
3.3 Online Communication between 
Creator and Backer 
In reward-based crowdfunding, backers receive the first 
release of a product/service or get a discounted price as 
a reward. This practice is similar to “pre-orders” and 
overlaps with the e-commerce business model to some 
extent (Beaulieu et al., 2015). Thus, the same online 
word-of-mouth found to improve consumer purchases 
in e-commerce is also likely to increase backers’ 
investments in crowdfunding. Backer comments play an 
important role in increasing project awareness among 
potential backers. Because thousands of projects 
simultaneously compete for funds on a particular 
crowdfunding platform, sifting through them and 
identifying one that deserves financial support is a huge 
challenge. In this situation, individuals often rely on 
heuristics to facilitate their decisions. The number of 
comments indicates the popularity of a crowdfunding 
project and raises potential backers’ awareness of it. 
Prior research has shown that online comments can 
increase both consumer awareness and sales (Berger et 
al., 2010). As more comments are posted, more detailed 
information becomes available to the backers, allowing 
them to better understand the project and thus gain 
confidence in the project and its creator. Therefore, we 
propose that a larger number of backer comments will 
lead to a greater likelihood of crowdfunding success, 
and hypothesize that 
H3: Crowdfunding projects with more backer 
comments are more likely to succeed. 
When a creator replies to a comment, the interaction 
between creators and backers is a two-way information 
flow: comments from backers to creators and replies 
from creators to backers (Lowry & Guthrie, 2009). The 
more responsive the creator is, the more likely the 
backers are to have a positive perception of the creator 
and the project (Song & Zinkhan, 2013). Creator replies 
are posted only after backers raise questions. More 
replies suggest that more questions are raised. Backers 
generally ask the creator specific questions only when 
they are interested in funding the project and want to 
know more about it. Creator replies help to alleviate 
backers’ concerns and increase their confidence in the 
project. Hence, a higher number of replies eventually 
will increase the likelihood that backers will make a 
pledge, and thus hypothesize that 
H4: Crowdfunding projects with more creator replies 
are more likely to succeed. 
3.4 Interactions between the Campaign-
Originating Signal and the Creator-
Originating Signal 
According to Petty and Cacioppo (1986), it is possible 
that the peripheral route will interact with the central 
route to either enhance or reduce the persuasive effect of 
each other. As stated in H2, videos, as central route 
information, can persuade potential backers to fund a 
project. We argue that creator experience, as peripheral 
route information, could substitute for the persuasive 
effect of videos when backers are unable or unwilling to 
process information from videos. Despite the rich 
content of videos, potential backers may have no or low 
competency to understand detailed information 
regarding the technical characteristics of a project, 
particularly if the product or service involved is 
complex. In addition, watching videos is time 
consuming. Since most backers invest only a small 
amount of money, they may not be adequately 
motivated to watch even one video. Instead, they may 
tend to rely on a simpler informational cue—creator 
experience—as a heuristic hint to inform their decisions. 
When creator experience is high, backers may deduce 
that the project is of high quality and choose to save time 
by skipping the videos. On the other hand, if creator 
experience is low, the effect of the peripheral cue 
diminishes because the backers cannot be sure whether 
the novice creator is capable of creating a high-quality 
project. Thus, they may rely on videos to process 
project-relevant information about the campaign 
quality. Therefore, videos and creator experience are 
substitutive in terms of attracting backers to pledge. 
Hence, we propose the following hypothesis. 
H5: The positive effect of videos on crowdfunding 
success increases as creator experience decreases. 
3.5 Interactions between Signals and 
Online Communication 
As shown in Figure 1, campaign- and creator-originating 
signals and information from online communication are 
generated in different stages of the crowdfunding process. 
Potential backers consider the two kinds of information 
simultaneously in their decision-making process. We 
propose that online backer-creator communication 
generated late in the crowdfunding lifecycle may 
substitute for or complement signals originating from 
either the campaign or creator. Online two-way 
communication consists of a backer comment and a 
creator reply, which come from different information 
sources and contain different content. They may have 
different effects on the relationship between signals and 
crowdfunding success. Thus, we explain the interplay 
between backer comments and creator replies with 
signals originating, respectively, from the campaign and 
the creator. 
As suggested by H1 and H2, campaign- and creator-
originating signals can help potential backers mitigate 
information asymmetry and increase the likelihood of 
crowdfunding success. We argue that backer comments 
as a herding factor can substitute for the persuasive effects 
of the two signals on crowdfunding success. Herding 
refers to the phenomenon of “people … doing what others 
are doing rather than using their information” (Banerjee, 
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1992). Herding is associated with two features: 
discounting one’s own information and imitating others 
(Sun, 2013; Sun et al., 2019). Discounting one’s own 
information describes the degree to which individuals 
disregard their own information for decision-making, 
while imitating others reflects the extent to which 
individuals follow others’ decisions. Previous studies 
(Lee & Lee, 2012; Liu et al., 2015; Zhang & Liu, 2012) 
have verified that herding is likely to occur in the 
crowdfunding market because (1) potential backers are 
unable to evaluate information contained in campaign- 
and creator-originating signals, (2) many alternative 
campaigns can be chosen for pledges concurrently, and 
(3) it is easy to glean a great deal of social information 
about peers’ interests in backer comments. If the number 
of backer comments is very large, potential backers may 
discount signals originating from the campaign and 
creator and completely follow the herd to save time and 
avoid risks. On the other hand, if the number of backer 
comments is small, the effect of the herding factor will be 
too weak to substitute for the effect of campaign- and 
creator-originating signals. Therefore, we propose the 
following two hypotheses. 
H6: The positive effect of videos on crowdfunding 
success decreases as the number of backer 
comments increases. 
H7: The positive effect of creator experience on 
crowdfunding success decreases as the number of 
backer comments increases. 
Contrary to the substitution effects of backer comments, 
we expect that creator replies will validate and 
complement signals from the campaign and creator. 
Creator replies contain additional information content 
about the campaign and the creator that is unavailable if 
not requested. On the one hand, creator replies provide 
more specific information about the crowdfunding 
project than is found in the videos, especially if there are 
unusual inquiries about the project. Detailed creator 
replies can complement the project description in 
campaign videos by addressing specific concerns from 
backers. On the other hand, potential backers can also 
judge the creator’s attitude, efficacy, and even passion 
by examining the ratio, length, and the speed of replies 
(Wang et al., 2018). This information validated or 
confirms the backers’ perception of the creator’s 
credibility gained by viewing the creator’s profile. 
Because creator replies and signals originating from the 
campaign and creator contain different information, 
they represent two distinct information mechanisms and 
are thus unlikely to present redundant information. 
Instead of offsetting each other’s effects, their effects are 
likely to be mutually complementary. Therefore, we 
posit the following two hypotheses. 
H8: The positive effect of videos on crowdfunding 
success increases as the number of creator replies 
increases. 
H9: The positive effect of creator experience on 
crowdfunding success increases as the number of 
creator replies increases. 
4 Method 
4.1 Measures 
Dependent variable: For our purposes, crowdfunding 
success is a binary variable, where 1 indicates success 
and 0 indicates failure. Since the crowdfunding platform 
from which we collected data follows the AON model, 
we defined a project as successful if it reached or 
exceeded its pledging goal. Otherwise, it was defined as 
unsuccessful. 
Independent variables: Since our goal is to investigate 
the effects of signals and online communication on 
crowdfunding success, we included the number of 
videos as a campaign-originating signal and past 
successful experience of the creator as a creator-
originating signal. We also added backer comments and 
creator replies to investigate the impacts of two-way 
online backer-creator communication on crowdfunding 
success. The measures of the independent variables are 
shown in Table 1. 
Control variables: We included the variables of pledge 
goal, duration, picture, experience as a backer, and 
updates from creators to control for possible 
confounding effects, since these variables have 
repeatedly been found to influence crowdfunding 
success (Kuppuswamy & Bayus, 2014; Mollick, 2014). 
We controlled for the effects of the pledge goal, the 
campaign duration, and the inclusion of videos in the 
project description because they could influence the 
crowdfunding success. The pledge goal of 
crowdfunding projects plays a critical role in the 
investment decisions of potential backers 
(Kuppuswamy & Bayus, 2014). The higher the pledge 
goal, the lower the overall funding probability becomes 
(Mollick, 2014). Similarly, excessively long campaign 
durations may be perceived as lack of confidence by the 
backers (Mollick, 2014), which can contribute to the 
failure of crowdfunding campaigns.  
Therefore, we controlled for campaign duration. Since 
creators’ backer experience, which does not represent 
the capability of the creator, also increases the 
likelihood of crowdfunding success through a 
reciprocity mechanism (Zvilichovsky et al., 2014), we 
included it as a control variable. We included dummy 
variables to account for project category differences in 
crowdfunding success. We also included year and 
weekday dummies for time when a project was 
launched in order to control for unobservable time-
varying effects. 
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Table 1. Variables and Their Measures 
Variables Measures 
Dependent variable 
  Success (Success) 
The dummy variable takes the value of 1 if the project was successfully funded and 0 
otherwise. 
Independent variables 
  Experience as a creator (EC) Success rate of projects the creator has initiated. 
  Videos (VI) The number of videos contained in the project description. 
  Comments from backers (CB) The number of comments from backers during the fundraising  
  Replies from creators (RC) The number of replies from creators during the fundraising 
Control variables 
  Pledge goal (PG) The target funding goal specified by the creator 
  Duration (DU) The number of days the project campaign remained active 
  Picture (PIC) The number of pictures included in the project description 
  Experience as a backer (EB) Success rate of projects the creator has supported. 
  Update (UP) The number of updates during the fundraising 
4.2 Data Collection 
Our study was conducted in the Chinese crowdfunding 
market, a new and quickly growing component of the 
global crowdfunding market. The total value of this 
market reached about $75 million in 2013, and the 
World Bank predicted that it would reach $50 billion 
by 2025, accounting for over 50% of the global 
crowdfunding market (Swart 2013). Compared with 
the crowdfunding market in developed countries, 
crowdfunding platforms and related regulations in 
China are less mature, and information asymmetry 
between creators and backers is more extreme, which 
provides an ideal setting for testing our research 
model. The data for this study was collected from 
Zhongchou (http://www.zhongchou.cn/), a major 
crowdfunding platform in China. Our dataset includes 
9,884 crowdfunding projects. For each project, we 
gathered information on creator and backer 
characteristics, the fundraising goal, the duration of the 
project, the project description (e.g., videos), the final 
pledge, the number of comments, the number of 
replies, and the number of updates. To investigate the 
effects of online two-way communication on backers’ 
investment decisions, we separated online 
communication behaviors into comments from 
backers and replies from creators according to their 
source. We also deleted comments from backers, 
replies from creators, and updates from creators made 
after the projects ended since these creator-backer 
interactions are unable to influence crowdfunding 
success retrospectively. 
Zhongchou was launched in February 2013, and it 
operates similarly to Kickstarter. Like other 
crowdfunding studies, we used a web data extraction 
method to capture detailed data from the Zhongchou 
website (Mollick, 2014; Zvilichovsky et al., 2014). 
Our data cover the period from February 20, 2013 to 
October 5, 2017. We removed 687 projects whose 
campaigns were not finished at the time of data 
collection. The final dataset consists of 9,984 projects 
of which 2,085 were successful and 7,799 failed. These 
projects received pledges totaling 42,542,043.68 
Chinese yuan renminbi (RMB) from 549,261 backers. 
The descriptive statistics of the projects are presented 
in Table 2. 
The 7,799 failed projects received pledges of 2,113.03 
RMB on average, compared to pledges averaging 
12,500.03 RMB for the 2,085 successful projects. For 
the 7,799 failed projects, 58.6% of projects received 
20% or less of their goal, and only 3.2% of projects 
received 80% or more of their goal. Figure 2 shows a 
histogram of these failed projects. For the 2,085 
successful projects, 60.3% received 15% or less above 
their goal. Figure 5 shows a histogram of these 
successful projects. 
5 Results 
5.1 Multicollinearity Analysis 
To reduce kurtosis and skewness, the logarithms of all 
variables except EC and EB were used in the analysis. 
Table 3 shows the correlations of the study variables. All 
correlations are smaller than 0.5 and well below 0.7 
(Anderson et al., 1996), suggesting that multicollinearity 
is not a major problem. In addition, the variance 
inflated factor (VIF) for each independent variable is 
close to 1, suggesting the absence of multicollinearity 
(Hair et al., 1998). 




Figure 2. Histogram Showing Funding Level of Failed Projects 
 
Figure 3. Histogram Showing Funding Level of Successful Projects 
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Table 2. Descriptive Statistics 
Variable Min Max Mean SD 
Success 0.00  1.00  0.21  0.41  
Number of backers (BA) 0.00  23073.00  55.57  351.81  
Pledge (PL) 0.00  2816377.00  4304.13  41896.64  
Ratio of Pledge (RA) 0.00  86.19  0.49  1.28  
Experience as a creator (EC) 0.00  1.00  0.12  0.30  
Videos (VI) 0.00  12.00  0.79  1.49  
Comments from backers (CB) 0.00  150.00  3.70  10.41  
Replies from creator (RC) 0.00  75.00  0.20  2.37  
Control variable     
Pledge goal (PG) 500.00  2694000000.00  1105206.20  44683625.66  
Duration (Days) (DU) 0.00  60.00  40.35  15.67  
Picture (PIC) 0.00  74.00  3.56  5.08  
Experience as a backer (EB) 0.00  1.00  0.13  0.31  
Updates (UP) 0.00  128.00  3.08  6.55  
 
Table 3. Correlations between Variables 
 VIF Success PG DU PIC EB UP EC VI CB RC 
Success n/a 1          
PG 1.126 -.249** 1         
DU 1.097 -.137** .280** 1        
PIC 1.127 .109** .130** .086** 1       
EB 1.184 .125** -.126** -.063** -.049** 1       
UP 1.466 .198** .118** .088** .292** .025* 1      
EC 1.200 .213** 0.007 0.002 .082** .286** .248** 1    
VI 1.118 .076** .112** .070** .186** 0.017 .275** .107** 1   
CB 1.329 .271** .086** -0.012 .157** .024* .389** .181** .206** 1  
RC 1.524 .147** .054** 0.014 .179** .260** .435** .314** .183** .424** 1 
Note: *p ≤ 0.05, **p ≤ 0.01 
5.2 Binary Logistic Regression 
Because the dependent variable, crowdfunding success, 
is dichotomous (1 = successful, 0 = not successful), we 
used a binary logistic regression to test the hypotheses. 
Multiplicative terms were created to test the moderation 
effects. The independent variables and moderators were 
mean centered to minimize multicollinearity before 
computing the multiplicative terms (Aiken et al., 1991). 
As proposed by Aiken et al. (1991), establishing 
different models makes it possible to compare 
alternative models by isolating changes in model fit and 
determining the explanatory power of the variables. 
Thus, we hierarchically tested three binary logistic 
regression models. For Model 1, we entered the control 
variables. Model 2 includes the control variables and the 
independent variables. For Model 3, we included the 
interaction effects. Table 4 shows the regression results. 
Model 1 results indicate that the pledge goal (-1.366, p 
= 0.00), fundraising duration (-0.937, p = 0.000), 
number of pictures (0.711, p = 0.00), experience as a 
backer (0.963, p = 0.00), and updates from creators 
(1.323, p = 0.00) are significantly associated with 
crowdfunding success. In Model 2, we added experience 
as a creator, videos, comments from backers, and replies 
from creators to investigate their direct effects. 
Including these variables increased both Cox & Snell R-
square (from 0.146 to 0.204) and Nagelkerke R-square 
(from 0.227 to 0.317). All of the four main effects are 
significant, providing evidence that both signals and 
online backer-creator communication matter in 
persuading backers. 
In Model 3, we included five moderation terms. 
Compared with Model 2, R-square is increased from 
0.204 to 0.209 (Cox & Snell) and from 0.317 to 0.320 
(Nagelkerke), respectively. As shown in Table 4, 
experience as a creator (1.110, p < 0.01) and videos 
(1.668 p < 0.01) are positively associated with 
crowdfunding success, supporting H1 and H2, which 
indicate the importance of creator-originating and 
campaign-originating signals for persuading backers’ 
investment decisions. Comments from backers (1.333, p 
< 0.01) and replies from creators (1.381, p < 0.01) are 
positively associated with crowdfunding success, 
supporting H3 and H4, which posit the importance of 
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online backer-creator communication in persuading 
backers’ investment decisions.  
Moderation effects in nonlinear models, e.g., logit and 
probit models, are difficult to analyze, as they cannot be 
interpreted by simply examining the direction, 
magnitude, and statistical significance of the resulting 
coefficients (Hoetker, 2007; Norton et al., 2004; Zelner, 
2009). The direction of the moderation term and 
statistical significance may vary for different values of 
the independent variable (Hoetker, 2007; Norton et al., 
2004; Zelner, 2009). To solve this problem, Zelner 
(2009) uses a simulation-based approach to statistically 
interpret the moderation effects based on confidence 
intervals for different values of the independent 
variable. Following Zelner (2009), we generated two 
sets of plots in Figures 4-7. The first set shows the 
predicted probabilities of crowdfunding success (y-axis) 
at different levels of explanatory variables (x-axis) for 
high and low values of the moderator variables (dashed 
and solid line). The second set shows the difference in 
predicted probabilities between high and low values of 
the moderator variables for different values of 
explanatory variables (i.e., the vertical distance between 
the dashed and solid lines in the first set of plots), 
including the 95% confidence intervals for these 
differences for different values of explanatory variables. 
The significant moderation terms in Model 3 indicate 
that creator experience (-0.663, p < 0.05) negatively 
moderates the relationship between videos and 
crowdfunding success. Figure 4a demonstrates that the 
effect of videos on crowdfunding success at high levels 
of experience as a creator (dashed line) is much weaker 
than that at low levels of experience as a creator (solid 
line). This result supports Hypothesis 5, which suggests 
that creator experience weakens the effect of videos on 
crowdfunding success. Figure 4b further illustrates that 
the probability of crowdfunding success at high levels 
of creator experience is significantly higher than that at 
low levels of creator experience if there are low to 
medium-high numbers of videos (to the left of Point A). 
For medium-high to high numbers of videos, the 
probability of crowdfunding success is not significantly 
different between high and low levels of creator 
experience (the confidence intervals include zero in 
Figure 4b). 
The significant moderation terms in Model 3 indicate 
that backer comments (-0.636, p < 0.01) negatively 
moderate the relationship between video numbers and 
crowdfunding success. Figure 5a demonstrates that the 
effect of videos on crowdfunding success at high levels 
of backer comments (dashed line) is much weaker than 
that at low levels of backer comments (solid line). This 
result supports Hypothesis 6, which proposes that 
backer comments weaken the effect of videos on 
crowdfunding success. Figure 5b further illustrates that 
the probability of crowdfunding success at high levels 
of backer comments is significantly higher than that at 
low levels of backer comments for all numbers of 
videos. The significant moderation terms in Model 3 
indicate that backer comments (-0.439, p < 0.01) 
negatively moderate the relationship between 
experience as a creator and crowdfunding success. 
Figure 6a demonstrates that the effects of experience as 
a creator on crowdfunding success at high levels of 
backer comments (dashed line) is much weaker than that 
at low levels of backer comments (solid line). This result 
supports Hypothesis 7, which suggests that backer 
comments weaken the effect of experience as a creator 
on crowdfunding success. Figure 6b further illustrates 
that the probability of crowdfunding success at high 
levels of backer comments is significantly higher than 
that at low levels of backer comments in low to medium-
high levels of experience as a creator (to the left of Point 
A). For medium-high to high values of creator 
experience, the probabilities of crowdfunding success 
are not significantly different between high and low 
levels of backer comments (the confidence intervals 
include zero in Figure 6b). 
The significant moderation terms in Model 3 indicate 
that replies from creators (1.395, p < 0.010) marginally 
and positively moderate the relationship between videos 
and crowdfunding success. Figure 7a demonstrates that 
the effect of videos on crowdfunding success at high 
levels of creator replies (dashed line) is much stronger 
than that at low levels of creator replies (solid line). This 
supports Hypothesis 8, suggesting that creator replies 
strengthen the effect of videos on crowdfunding success. 
Figure 7b further illustrates that the probability of 
crowdfunding success at high levels of creator replies is 
significantly higher than that at low levels of creator 
replies for all amounts of video (the confidence intervals 
do not include zero in Figure 7b). As shown in Table 4, 
the interaction term, RC  EC (-0.579, p > 0.1), is not 
significantly associated with crowdfunding success; 
thus, H9 is not supported. This result suggests that 
creator replies may not strengthen the effect of 
experience as a creator on crowdfunding success. 
5.3 Propensity Score Matching 
Although the binary logistic analysis provides support 
for statistically significant persuasive effects of signals 
and online communication between creators and backers 
on crowdfunding success, the nature of observational 
data raises concerns about the causal interpretation of our 
findings. For example, some nonobservable project 
attributes may lead to a high volume of comments. In this 
case, comments from backers will not lead to 
crowdfunding success. Instead, the specific nature of 
those projects attracts more discussion and affects the 
ultimate crowdfunding success. Since we cannot 
randomly assign crowdfunding campaigns to treatment 
and control groups (high vs. low levels of backer 
comments), we are unable to control for confounding 
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effects of unobserved variables, leading to the typical 
problem of endogeneity. 
In this paper, we used propensity score matching to 
address the endogeneity concern (Rosenbaum & Rubin, 
1983). This technique enabled us to investigate 
heterogeneous treatment effects in nonexperimental 
data, based on observed variables. The objective of 
propensity score matching is to assess the effect of a 
treatment by comparing observable outcomes (in our 
case, crowdfunding success) among treated observations 
(high numbers of videos, high levels of creator 
experience, high levels of backer comments, or high 
levels of creator replies) to untreated observations (low 
numbers of videos, low levels of creator experience, low 
levels of backer comments, or low levels of creator 
replies) matched according to the propensity of being 
treated. 
To conduct the matching, we grouped the persuasive 
information into four distinct treatments (videos, creator 
experience, backer comments, and creator replies) and 
repeated the following exercise for each treatment 
separately. Since propensity score matching requires a 
binary treatment, we transformed videos, creator 
experience, backer comments, and creator replies into 
binary variables based on their median. We identified 
observed variables that might influence the persuasive 
information and should therefore be included as 
covariates. We estimated the propensity scores based on 
project information (including PG, DU, and PIC) and 
creator information (including EB and UP) since 
previous studies have indicated that these variables can 
represent characteristics of the campaign and its creator 
and may have significant effects on crowdfunding 
success (Wessel et al., 2015; Yang & Hahn, 2015; 
Zvilichovsky et al., 2014). 
 
Table 4. Binary Logistic Results (DV = Crowdfunding Success) 
 Model 1 Model 2 Model 3 
B SD B SD B SD 
Independent variables       
  Experience as a creator (EC)   .374** .120 1.110** .212 
  VI (VI)   1.154** .082 1.668** .134 
  Comments from backers (CB)   1.038** .057 1.333** .083 
  Replies from creators (RC)   1.579** .212 1.381** .318 
Interaction Terms 
  EC × VI     -.663* .291 
  CB × VI     -.636** .191 
  CB × EC     -.439** .133 
  RC × VI     1.395† .750 
  RC × EC      -.579 .508 
Control variables 
  Pledge goal (PG) -1.366** .055 -1.723** .062 -1.716** .062 
  Duration (DU) -.937** .120 -.859** .125 -.877** .126 
  Picture (PIC) .711** .071 .588** .075 .564** .075 
  Experience as a backer (EB) .963** .122 .383** .132 .318* .133 
  Updates (UP) 1.323** .065 .578** .074 .625** .074 
  Category controls Yes Yes Yes 
  Year and weekday controls Yes Yes Yes 
Constant 3.976** .456 4.134** .478 3.839** .485 
Model Fit Indices 
Model χ2 1558.320** 2249.756** 2294.503** 
R2(Cox & Snell) 0.146 0.204 0.209 
R2(Nagelkerke) 0.227 0.317 0.320 
Correct classification (%) 80.3 81.7 82.1 
Note: *p ≤ 0.05, **p ≤ 0.01, † p ≤ 0.10. 
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(a) Predicted probabilities for low vs. high levels of experience as a creator 
  
 
(b) Change in predicted probabilities for low vs. high levels of experience as a creator 
 
Figure 4. Moderation Effects of Experience as a Creator on the Relationship between Videos and Success 
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(a) Predicted probabilities for low vs. high levels of comments from backers 
 
 
(b) Change in predicted probabilities for low vs. high levels of comments from backers 
 
Figure 5. Moderation Effects of Backer Comments on the Relationship between Videos and Success 
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 (a) Predicted probabilities for low and high backer comments 
  
 
(b) Change in predicted probabilities for low vs high backer comments 
 
Figure 6. Moderation Effects of Backer Comments on the Relationship between Experience as a Creator and Success 
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(a) Predicted probabilities for low vs. high levels of replies from creators 
 
 
(b) Change in predicted probabilities for low vs. high levels of replies from creators 
 
Figure 7. Moderation Effects of Creator Replies on the Relationship between Videos and Success 
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The results of our comparisons for each of the three 
treatments are presented in Table 5. Column A in Table 
5 corresponds to the video treatment. In this case, 
projects with more videos were matched with projects 
with fewer videos based on the above-mentioned 
covariates (including project information and creator 
information). Since the difference is statistically 
significant (p < 0.001), we conclude that projects with 
more videos are more likely to be successful, 
controlling for the observed differences between 
projects. Similar analyses for the other treatments are 
presented in Columns B, C, and D of Table 5. We 
conclude that projects initiated by more experienced 
creators and those with higher numbers of backer 
comments and creator replies are more likely to be 
successful, controlling for the observed differences 
between projects. The results of propensity score 
matching provide strong evidence that signals and 
online backer-creator communication lead to 
crowdfunding success. 
5.4 Robustness Check 
We explored the robustness of our results in two ways. 
First, we considered the impact of outlier observations. 
We repeated our primary estimations excluding outlier 
observations in terms of the funding goal. Using the 
standard deviation method (Seo, 2006), projects with a 
funding goal that exceed three standard deviations 
above its mean were excluded. About 99.93% of total 
observations, or 9,877 projects, were retained for 
estimation. All results were unchanged in terms of 
magnitude and significance compared to the full 
sample estimation, suggesting the robustness of our 
results. 
Second, beyond crowdfunding success, other measures 
such as ratio of pledge can be used to capture the extent 
of crowdfunding performance (Wessel et al., 2015). 
We therefore supplemented our analysis by using ratio 
of pledge as the dependent variable. Since this new 
dependent variable is a continuous variable, we 
conducted a linear regression analysis. The regression 
results arrived at similar conclusions as those 
presented earlier, confirming the robustness of our 
findings. 
6 Discussion 
Table 6 summarizes the hypothesis testing results. 
Overall, our results show that both signals from the 
campaign and creator and online backer-creator 
communication influence the likelihood of 
crowdfunding success. More importantly, signals and 
online communication between creators and backers 
jointly influence crowdfunding success. 
The finding that videos and past experience as a creator 
increase crowdfunding success is consistent with 
previous studies (Mollick, 2014; Wessel et al., 2015; 
Yang & Hahn, 2015; Zvilichovsky et al., 2014). It 
suggests that campaign- and creator-originating 
signals can play an important role in influencing 
backers’ investment decisions and improving the 
likelihood of crowdfunding success. Videos can be 
viewed as a signal of preparedness and can help 
increase backers’ confidence in the quality of projects, 
thus increasing the likelihood of fundraising success. 
Creators’ past experience can be seen as a signal of 
competence and can help to increase backers’ 
confidence in creator credibility, thus increasing the 
likelihood of fundraising success.  
The finding that backer comments and creator replies 
may significantly improve the chance of fundraising 
success is also consistent with prior studies (Mollick, 
2014; Wang et al., 2018). This suggests that online 
backer-creator communication plays an important and 
positive role in the crowdfunding process. Backer 
comments create a word-of-mouth effect, which can be 
treated as a simple cue that influences backers’ 
investment decisions. Creator replies reflect the 
creator’s communication efficacy and provide 
supplementary information about the campaign, which 
can help potential backers understand the project and 
its creator better, resulting in a high likelihood of 
crowdfunding success. 
The interaction between campaign-originating signals 
and creator-originating signals is supported. We found 
that experience as a creator negatively moderates the 
relationship between the number of videos and 
fundraising success. The results suggest that potential 
backers use both central and peripheral routes to 
process signals and that the two routes are substitutive 
to each other. 
The interaction between signals and online 
communication is partly supported, and we found that 
backer comments and creator replies interact with 
campaign-originating signals and creator-originating 
signals in different directions. Whereas backer 
comments negatively moderate the relationships 
between campaign- and creator-originating signals and 
crowdfunding success, creator replies positively 
moderate the relationship between campaign-
originating signals and crowdfunding success. The 
results indicate that potential backers may herd with 
other backers and discount signal effects on 
crowdfunding. The results also suggest that creator 
replies complement campaign-originating signals and 
have a synergistic effect on crowdfunding success. The 
hypothesized interaction between creator replies and 
creator-originating signals is not supported. This might 
be because both creator replies and creator-originating 
signals refer to characteristics of the same creator and 
this information overlaps to some extent and thus fails 
to generate synergistic effects on crowdfunding success. 
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Table 5. Propensity Score Matching 
Treatment 






Number of matched cases 4822 3808 4799 3692 
Percentage of successful projects among treated cases 27.96% 26.78% 28.05% 38.97% 
Percentage of successful projects among non-treated cases 19.16% 21.35% 18.73% 23.95% 
Difference mean (std. err.) 0.088(0.011) 0.053(0.011) 0.093(0.012) 0.150(0.035) 
T-test (diff mean > 0) 7.96*** 4.65*** 7.98*** 4.33*** 
Note: *p ≤ 0.05, **p ≤ 0.01, ***p ≤ 0.001 
Table 6. Summary Findings 
 Hypothesis Results 
H1 Crowdfunding projects described by more videos are more likely to succeed. Supported 
H2 Crowdfunding projects initiated by owners who have more experience as creators are more 
likely to succeed. 
Supported 
H3 Crowdfunding projects with more backer comments are more likely to succeed. Supported 
H4 Crowdfunding projects with more creator replies are more likely to succeed. Supported 
H5 The positive effect of videos on crowdfunding success decreases as creator experience 
increases. 
Supported 
H6 The positive effect of videos on crowdfunding success decreases as the number of backer 
comments increases. 
Supported 
H7 The positive effect of creator experience on crowdfunding success decreases as the 
number of backer comments increases. 
Supported 
H8 The positive effect of videos on crowdfunding success increases as the number of creator 
replies increases. 
Marginally Supported 
H9 The positive effect of creator experience on crowdfunding success increases as the number 
of creator replies increases. 
Not Supported 
6.1 Implications for Research 
Three key aspects of this study represent our primary 
contributions to crowdfunding and entrepreneurship 
research. First, our study extends the literature that 
examines potential drivers of successful crowdfunding 
campaigns. Previous studies have identified many 
success factors, such as project quality (Mollick, 2014; 
Parhankangas & Renko, 2017), creator’s experience 
(Koch & Siering, 2015; Skirnevskiy et al., 2017; 
Zvilichovsky et al., 2014), and creator-backer online 
communication (Wang et al., 2018). Our study extends 
this stream of research by investigating how these 
influential factors interact to influence crowdfunding 
success. In particular, we selected campaign- and 
creator-originating signals and online communication 
between creators and backers in the crowdfunding 
market, which is characterized by information 
asymmetry. Our findings demonstrate that these factors 
generate substitutive or synergistic effects by jointly 
influencing crowdfunding success. 
Second, we adopt a theory-driven approach and provide 
a new perspective to understanding how backers 
mitigate information asymmetry when making 
investment decisions. Most existing studies have taken 
an atheoretical approach to understanding the 
determinants of crowdfunding success (Beier & 
Wagner, 2015; Burtch et al., 2014; Kim & Viswanathan, 
2014; Mollick, 2014; Zvilichovsky et al., 2014). 
Employing the ELM (Petty et al., 1983), we treat 
backers’ investment decisions in the context of 
crowdfunding as a persuasion process and examine the 
effects of information in both the central and peripheral 
routes on crowdfunding success. Since most backers are 
not venture capitalists and invest only small amounts of 
money, they have limited capabilities and motivation to 
process the information contained in the central route. 
Thus, they likely rely heavily on the peripheral route to 
evaluate project quality and make pledging decisions. 
Third, our study contributes to the literature about 
herding behavior in the context of crowdfunding with 
information asymmetry. Past studies have investigated 
and confirmed herding behavior in P2P lending (Lee & 
Lee, 2012; Liu et al., 2015; Zhang & Liu, 2012). We 
treat backer comments as a herding factor and 
investigate herding behavior in a new context: reward 
crowdfunding. Specifically, beyond potential backers’ 
conscious cognitive processing of signals in both the 
central and peripheral routes, we add backer comments 
as a herding factor to examine the unconscious decision-
making processes through which potential backers 
discount their own judgments and follow other backers’ 
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interests instead. This herding behavior involves even 
less cognitive effort than the peripheral route of 
decision-making. Thus, considering backer comments a 
herding factor can better explain how potential backers 
make their pledge decisions through conscious and 
unconscious processes, which provides a holistic 
perspective to understanding potential backers’ pledge 
decisions in the crowdfunding market. 
6.2 Implications for Practice 
Our findings offer several practical implications for 
crowdfunding creators. In order to achieve success in 
crowdfunding, creators should emphasize their past 
performance as creators in the project description. 
Although this information is available in the creator 
profile, potential backers might not open the profile. 
Furthermore, creators should encourage potential 
backers to post comments and questions on the 
crowdfunding website to increase the overall volume of 
comments. Large volumes of comments not only 
increase the popularity of projects but also reduce 
information asymmetry between creators and potential 
backers by allowing potential backers to share 
information with each other and by transferring 
information from creators to potential backers. 
Regardless of the benefits of information sharing 
through comments, the sheer number of comments can 
help creators because they serve as an important cue 
processed by potential backers in the peripheral route to 
facilitate their investment decisions. 
The negative moderation effect of backer comments on 
the effects of experience as a creator and the negative 
effect of number of videos on crowdfunding success 
suggest that when past creator experience or number of 
videos is low, the number of backer comments will have 
a particularly strong influence on crowdfunding success. 
Therefore, for crowdfunding novices who lack 
experience or those whose project presentations include 
few or no videos, it is advisable for them to seek more 
comments from potential backers to make up for their 
lack of experience or preparation to some extent. The 
positive effect of creator replies on crowdfunding 
success and the positive interaction of creator replies 
and videos on crowdfunding success suggest that 
creators should carefully respond to as many comments 
as possible. A large volume of replies not only reflects 
the creator’s communicative efficacy but can also 
provide supplementary campaign information to reduce 
information asymmetry between creators and potential 
backers, subsequently increasing the likelihood of 
crowdfunding success. 
6.3 Limitations and Future Research 
Directions 
We acknowledge several limitations that should be 
considered in the interpretation of our results. First, the 
unique study context may limit the generalizability of 
our results. Our data collection was conducted in a 
reward-based crowdfunding platform in China, which 
runs the AON model, Reward-based crowdfunding 
differs from other crowdfunding mechanisms in terms 
of return on investments. Backers’ investment behaviors 
differ in different types of crowdfunding. Moreover, the 
Chinese cultural and economic characteristics coupled 
with the crowdfunding platform’s business model may 
exert intricate impacts on backers’ decisions but these 
factors are not considered in this study.  
Second, we use the number of videos to operationalize 
information processing in the central route, assuming 
that backers are more likely to watch videos when they 
are exposed to more opportunities. In a real-world 
context, when people see a video on a crowdfunding 
page, they will likely be tempted to click on it to watch 
it. Hence, we argue that it is reasonable to use the 
number of videos as a surrogate for information 
processing in the central route instead of the peripheral 
route. However, this assumption should be empirically 
verified in future research. 
Third, we focus on the number of comments from 
backers rather than the content. Positive and negative 
comments likely differ in terms of their effect on 
crowdfunding success. Future researchers should 
measure the impacts of positive and negative comments 
separately, possibly by conducting a sentiment analysis. 
Our use of the herding perspective to investigate 
crowdfunding success made it necessary to study the 
number rather than the content of backer comments 
because number is a simple cue that can be herded 
without cognitive efforts, whereas content is directly 
related to the project/creator and should be treated as 
conscious decision-making processes.  
Finally, online backer-creator communication for 
different projects may increase at different speeds as 
campaigns develop. It would be interesting to examine 
how the changing volume of backer comments and 
creator replies over time influences crowdfunding 
outcomes. Because of our cross-sectional research design, 
online backer-creator communication could not be 
examined in a longitudinal manner. Future studies should 
use panel data analysis to generate additional insights. 
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